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Table 4.1: Performance of filtering for run or not run Incremental Rocchio.

Incremental Rochhio no Incremental Rochhio
Entity | Precision Recall F Precision Recall F

01 0.849 0.983 0.911 0.849 0.983 0.911
02 0.709 0.754 0.731 0.774 0.762  0.768
03 0.282 1.000 0.441 0.292 1.000 0.452
04 0.720 1.000  0.838 0.736 1.000  0.848
05 0.842 0.889 0.865 0.842 0.889 0.865
06 0.656 0.894 0.757 0.633 0.809 0.710
07 0.146 1.000  0.255 0.425 0.978 0.592
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Table 4.2: Performance of filtering for run or not run Incremental Roc-

chio (cont).

Incremental Rochhio no Incremental Rochhio
Entity | Precision Recall F Precision Recall F

08 0.142 0.867 0.245 0.146 0.867 0.249
09 0.405 1.000 0.577 0.372 0.681 0.481
10 0.158 0.762  0.261 0.155 0.714  0.255
11 0.122 0.659 0.206 0.124 0.659 0.209
12 0.977 1.000  0.989 0.977 1.000  0.989
13 0.474 0.973 0.637 0.240 0.324 0.276
14 0.647 0.595  0.620 0.720 0.973 0.828
15 0.375 1.000  0.545 0.359 0.917 0.516
16 0.326 1.000  0.492 0.326 1.000  0.492
17 0.727 0.500 0.593 0.800 1.000  0.889
18 0.183 0.778 0.296 0.183 0.778 0.296
19 0.448 0.963 0.612 0.453 0.889  0.600
20 0.615 0.320 0.421 0.600 0.240 0.343
21 0.017 0.792  0.033 0.017 0.792  0.034
22 0.958 1.000  0.979 0.958 1.000  0.979
23 0.840 0.955 0.894 0.840 0.955 0.894
24 0.438 0.955 0.600 0.438 0.955 0.600
25 0.417 1.000 0.588 0.417 1.000  0.588
26 0.933 0.700  0.800 0.933 0.700  0.800
27 0.094 1.000 0.172 0.095 1.000 0.174
28 0.007 0.944 0.014 0.008 0.944 0.015
29 0.037 0.941 0.071 0.037 0.941 0.072
30 0.198 1.000  0.330 0.195 1.000 0.327
Average 0.458 0.874 0.601 0.465 0.858 0.603
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Fig. 4.1: Performance of filtering for run or not run Incremental Rocchio and

for a.
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Table 4.3: Performance of filtering after the o correction.

Incremental Rochhio

no Incremental Rochhio

Entity | Precision Recall F Precision Recall F
01 0.915 0.936 0.925 0.954 0.971 0.963
02 0.904 0.746 0.817 | 0.857 0.762  0.807
03 0.303 1.000  0.465 0.304 0.966 0.463
04 0.720 1.000 0.838 0.736 1.000 0.848
05 0.855 0.981 0.914 0.855 0.981 0.914
06 0.671 1.000  0.803 0.671 1.000 0.803
07 0.512 0.913  0.656 0.512 0.957  0.667
08 0.323 0.711 0.444 0.376 0.778  0.507
09 0.439 1.000 0.610 0.376 0.681 0.485
10 0.194 0.643 0.298 0.165 0.810 0.274
11 0.424 0.341 0.378 0.341 0.341 0.341
12 0.977 1.000  0.989 0.977 1.000  0.989
13 0.480 0.973  0.643 0.456 0.973 0.621
14 0.720 0.973 0.828 0.720 0.973 0.828
15 0.379 1.000  0.550 0.359 0.917 0.516
16 0.326 1.000 0.492 0.326 1.000 0.492
17 0.727 0.500 0.593 0.800 1.000 0.889
18 0.183 0.778  0.296 0.183 0.778 0.296
19 0.553 0.778 0.646 0.680 0.630 0.654
20 0.667 0.320 0.432 0.667 0.320 0.432
21 0.017 0.792  0.033 0.017 0.792  0.034
22 0.958 1.000  0.979 0.958 1.000 0.979
23 0.840 0.955 0.894 0.840 0.955 0.894
24 0.571 0.727  0.640 0.457 0.955 0.618
25 0.500 0.950 0.655 0.487 0.950 0.644
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Table 4.4: Performance of filtering after the a correction (cont).

Incremental Rochhio no Incremental Rochhio

Entity | Precision Recall F Precision Recall F

26 0.933 0.700  0.800 0.933 0.700  0.800
27 0.094 1.000 0.172 0.095 1.000 0.174
28 0.007 0.944 0.014 0.008 0.944 0.015
29 0.037 0.941 0.071 0.037 0.941 0.072
30 0.234 0.882  0.370 0.200 1.000  0.333

Average 0.561 0.782 0.618 0.536 0.797 0.603
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Table 4.5: Number of processing documents per second for number of servers.

Server | Number
1 3031.014

8 6613.758
Twitter | 4500.000
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Table A.1: Correspondence table of Entity and Entity ID.

Entity ID Entity ID
Sara_Bronfman 01 Paul Marquart 16
Benjamin_Bronfman 02 Marion_Technical Institute | 17
Gretchen_Hoffman 03 Atacocha 18
KentGuinndMayor 04 Richard _Edlund 19
Maurice_Fitzgibbons 05 Weehawken_Cove 20
RonFunches 06 Drew_Wrigley 21
Ed_Bok _Lee 07 Stevens_Cooperative_School | 22
Ruben_J. Ramos 08 Hjemkomst_Center 23
Charles_Bronfman 09 Buddy_MacKay 24
Clark_Blaise 10 Haven_Denney 25
George_Sinner 11 Bob_Bert 26
Corn_Belt_Power_Cooperative | 12 tonyg203 27
Luz_del Sur 13 Austral_Group 28
Appleton_Museum_of_Art 14 Jeremy_McKinnon 29
Jennifer_Baumgardner 15 Intergroup_Financial Services | 30

32



Juoootd

1. 00000 : Incremental RocchioOO OO OODOOOOOOOODOOO
OO00D0Oo0oOo0ooooooooooooo
A.00000D0OO0ODOOOODODOODOOODODODOODOODbOOOOOnDGg
DO00dD000000D000D00000dDooOoDooooooooonooon

2. 00b000b0b00oobo0bbooboobooboboobOoob 0o
googbboobodboobobooboobbooboobobon
gbooboooobbooogan
A.000O0OO000O00DOO00DOOO0ObOO0U0ODOUODbOObDbOObOOO
gboobudgbbodgbuobboobbooboobbuoobobood
gbooooogn

J.0tugooobbobbuoobbuodobboouobboobboann
oooobo
A 00000O000O0ODO0ODOO0ODOO0bOO0DOOobOOobDOobOOobOobOobO
gbboboooobboooobboboooon

4. 0DOo0oooboobooboobooboobooboobooboon
gbooboooon
A.0000OCO00DOOO00ODOOO0OO0OU0DOOU0ODOOODOObO

. bbodobpPELOODOODLDOUODDOODOODLOODDODOO
oboboobodb pPELOODOODOODOODOODO
A 0DDDOO0O0ODOOCOOO00ODOOUOOOOOPEOD keyOODOOOO
OO0O000keyUODOOOOOODOODODOOODOODOODOO

33



